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2 Paper Reading

2.1 How Ideas Flow across Multiple Social Groups
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Figure 4: Three-level random-walk-based model for temporal corre-
lation calculation.
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2.2  Weakly supervised nonnegative matrix factorization for user-driven
clustering
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2.3 UTOPIAN: User-Driven Topic Modeling Based on Interactive Non-
negative Matrix Factorization
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2.4 MovementSlicer: Better Gantt Charts for Visualizing Behaviors and
Meetings in Movement Data
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